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Abstract

In the context of the increasing use of participatory web platforms by both videogame player communities and
game publishers, adapting research protocols in communication studies to integrate text mining tools and
methodologies becomes key in understanding emergent discourses and practices on a large scale. Their
usefulness has been proven by their integration in various domains in the humanities, but their use for the study
of videogames remains scarce despite their nature as digital objects.

This paper provides an assessment of the effectiveness of several text mining techniques regarding their capacity
to extract insights on standards and practices from a large corpus of textual data generated by fan communities
online. A research protocol was formed and tested against a corpus comprised of the multilingual textual
productions generated by fans during a period of five months using the hashtag #PokémonSwordandShield on
Twitter. From the extraction of data to its statistical and textual analysis through frequency tables, word
association network, and undirected topic modelling, the research team proposes an easily reproducible vertical
research protocol developed for the purpose of research in the context of game studies and communication studies.
It then applied it for the exploration of social media textual data through the analysis of fan discussion over the
‘shiny’ mechanic feature in Pokémon Sword and Shield (2019). Through comparative analysis, significant
differences are observed between the Japanese, English, and French corpora in the distribution of three topics
categories: ‘affect’, ‘system’, and ‘promotion’, but evidence of translinguistic textual input also suggests a certain
degree of interconnection between linguistic regions. The paper concludes with an assessment and
recommendations of tools and methods for further analysis, as well as a reflection on the influence of marketing
campaigns on the production of new tweets upon the release of the game as community-led trends emerge and

become dominant.

m This work is licensed under a Creative Commons Attribution-NonCommercial-NoDerivatives 4.0 International License.
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Context

The emergence of social media and participatory web

structures has exerted a tremendous impact on
communications between members of play communities,
and the methods available to scholars to study these
interpersonal interactions. Gamers have appropriated many
of these platforms which are even integrated to the interface
of home consoles, enabling users to produce and broadcast
messages with the push of a button and comment on others’
just as easily (Figure 1). Reddit, Facebook, Twitter, and
other websites are now some of the major discursive spaces
that both host these exchanges and, simultaneously,
influence their form and substance. As they extend the
social space (Nitsche 2008, 15) of the game, they also
contribute to maintaining an active promotional voice
online through the user-led indexation of content. It is in
these spaces, prone to frequent and impulsive uses, that
conventions and practices are being defined and negotiated.
Accounting for this new paradigm poses challenges to
traditional approaches to communication studies scholar
and requires the adaptation of pre-existing methodologies
and epistemological frameworks to the analysis of born-
digital textual productions of players in online
communication. With the objective of addressing this
situation, this paper provides an assessment of the
effectiveness of several text mining techniques used in a
vertical research pipeline developed in the context of game
studies and communication studies regarding their capacity
to extract insights on standards and practices from a large
corpus of textual data generated by fan communities online.

The use of text mining and natural language processing
in literary studies (Moretti 2005; Moretti 2013; Jockers
2013; Jockers 2014) points at the benefits of the analysis of
text and textual data on a massive scale, making possible
the study of massive numbers of documents, the acquisition
of new insights on well-study corpora, as well as the
exploration of texts located on the margins of traditional
cannons. Isolated work in game studies demonstrate the
potential of these methodologies in providing new
perspectives to core questions of the field (Ensslin 2012;
Zagal et al. 2012; Kang, Yong and Hwang 2017; Faisal and
Peltoniemi 2018; Pelletier-Gagnon 2018; Liang 2019;
Mohri et al. 2019; Suomela 2019; Sapach 2020). However,
the computer-assisted analysis of textual data has yet to be
applied in order to study standards and practices born from
player communications in online communities, in addition

to doing so from a cross-linguistic comparative perspective,
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which would contribute to the development of a more
global understanding of the reception of videogames by
their publics.
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Figure 1: Twitter integration on the Nintendo Switch

Objectives

With the objective of addressing this situation, this
paper provides an assessment of the effectiveness of several
text mining techniques regarding their capacity to extract
insights on standards and practices from a large corpus of
textual data generated by fan communities online. It
proposes an easily reproducible vertical research pipeline
developed for the purpose of research in context of game
studies and communication studies tested through the
examination of posts published on Twitter about the 2019
Nintendo Switch title Pokémon Sword and Shield
(Pokémon SaS). This project is part of a broader effort on
the assessment and categorization of natural language
processing tools and methodologies conducted by
researchers at the Canada Research Chair on Gaming
Communities and Big Data to provide scholars and students
of game studies with a methodology to integrate
communication-based game research with text mining-
based analysis. The release of a game as anticipated as
Pokémon SaS provided an ideal case study through which
tools and methodologies could be defined and evaluated, as
well as identify challenges and opportunities specific to the
nature of the data gathered. In addition, the data gathered
was used in the analysis of the evolution of player
communication over time and in different linguistic regions,
leading to the identification of divergent discursive trends
in the Pokémon SaS Twitter community representative of
community standards and practices. In sum, the objectives
of this project are situated on both levels of methodology

and content analysis.
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The exploration of each aspect was motivated by the

following questions:

1) What tools and methodology provide the best balance
between the quality of analytical insights and its level
of accessibility throughout all stages of a text mining
project (data gathering, cleaning, normalization,
analysis, and visualization)? What are the
characteristics of the textual data regarding the
affordances of the platform on which they are created?

2) How can we mobilize text mining and data
visualization techniques to monitor the evolution of
player communication on a specific aspect of a given
game? What are the limits of these conclusions, and
how can we contextualize these results in conjunction

with qualitative data?

With these questions in mind, we set out to test the
potential of text mining methodologies and our research
protocol through the analysis of the textual content
produced by Twitter users about Pokémon SaS between
September 2019 and February 2020, a five-month period
equally divided around the game’s release date of
November 15, 2019. The corpus targeted tweets in English,
French and Japanese associated with the hashtags
#PokemonSwordShield, #PokémonEpéeBouclier and #7K
/7 & > #l| J& (#Pokemonswordshield) and their derivatives.
The resulting collection consists of about 3.5 million tweets
that include Twitter-specific data points and metadata. At
the outset of the project in its current form, we built corpora
structured on the axis of language to provide a comparative
analysis of the communication between users. The team
selected Twitter over other platforms such as Discord and
Reddit for its global reach reflecting the game’s
international fanbase, as well as being one of Nintendo’s
foremost methods of addressing their customers directly.
Our hypothesis is that the analysis of textual productions
would reveal discourse discrepancies among different
linguistic groups of Twitter users based on cultural and
media environment factors. In addition, as evidenced in
other studies of the use of social media by economic
stakeholders in videogame promotion contexts (Kim and
Chandler, 2018), we anticipated the discovery of
quantitative evidence demonstrating the impact exerted by
console manufacturers and software producers on the
reception of the game based on social media campaigns.
Keeping in mind the objective of providing an easily
reproducible research protocol, detailed accounts of the

steps taken in the process of data collection and analysis are
also kept.

Twitter, Hashtags and Textual Data in
Videogame Community Analysis

Since its launch in 2006, the microblogging platform
Twitter has, over time, become one of the web’s
cornerstone for the sharing and accessing of information on
all topics ranging from politics, science, and entertainment.
It ranks among the Internet’s top 15 most consulted
websites (Kemp, 2019) with 500 million tweets generated
every day by 134 million active users (Lin, 2019) in 2019.
Gaming, however, is fast becoming one of the leading
topics discussed on the platform. In 2018, the total number
of tweets produced on videogame-related topics such as
esports, industry showcases and new releases reached one
billion for the first time (Chadha, 2020), by the end of the
following year, this number would grow by an additional
20% fueled by a 15% increase in unique Twitter accounts
writing about gaming (Chadha, 2019). Since the release of
the first version of its API in 2013, which made possible
the gathering and analysis of large-scale textual corpora,
Twitter has become a valuable source of large-scale textual
data for journalistic and scholarly enquiries. The increasing
presence of gaming culture on the platform also hints at its
potential as a research field in game studies.

However, Twitter, just like other online platforms, is
not a neutral communication space. Previous work
indicates that Twitter’s interface and content-recommender
algorithms encourage specific communicative behaviors.
Twitter distinguishes itself from other participatory web
platform by restricting the number of characters used in any
single tweets to 280, and by the decentralized and public
nature of its content; unlike other social networking
platform, twitter is not necessarily bidirectional in its
sharing of content between users as any user has access to
anyone’s tweets (Murthy 2012, 1061-1062). From a
scholarly perspective, Twitter has been given an increasing
level of attention as a new human communication platform,
calling for the development of critical theory and mixed
methods to overcome the challenges related to the study of
its content and exchanges (Bruns and Burgess, 2012; Java
et al., 2009; Kayser and Bierwisch 2016). Its technological
affordances (character limit, likes, retweets, etc.) exert an
important level of influence on textual productions which,
based on popularity metrics, grants more visibility to
certain types of publications and content. While it can be
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difficult to clearly frame Twitter as a platform from which
community-like structures emerge due to its nature as a
microblogging website rather than a social network
favoring interpersonal interactions, Gruzd, Wellman and
Takhteyev (2011) suggest that Twitter’s asymmetrical
design nevertheless leads to the creation of both ‘real’
communities, marked by strong interpersonal ties, and
imagined ones in which individuals share culture, a
vocabulary, a language, traditions, a feeling of belonging
and commitment through mediated discourse (Calhoun,
2016).

Thus, in the context of communicative acts addressing
mixes of known and unknown individuals (Marwick and
Boyd, 2010 129) in a social context both concrete and
imagined, tweeting can be interpreted as an act of
performance (Murthy, 2012 1065) in which codifying the
form and content of one’s discourse according to
community standards becomes key in its spreading to other
users. Thus, while Twitter users are free to produce posts
of any types, both its algorithms and user culture push
forward certain types of forms and content.

These dynamics are further accentuated by the hashtag
indexing technology, which allows users to access content
attached to a given topic in a single click, has become a
“near-universal Internet symbol” (Panko, 2017) related to
the emergence of influencer marketing and mobilization
around sociopolitical issues. Hashtags allow content to be
broadcast beyond the boundaries of one’s own relational
network and to a platform’s entire audience by relating it to
a broader subchannel. They expose one’s publication far
more directly into the public eye standing “as the
production and accumulation of public attention” (Bernard,
2019 4) that influence “use of language and or the creation
of collectives,” thus, sometimes, creating a sense of
community of discourse (5). Andreas Bernard highlights
marketing applications of the hashtag as “it focuses
attention of potential customers on particular brands,
products, services and business ideas in a manner that
casually involves the community’s own participation” (57),
but also emphasizes its role as an identity forming device
that both empowers and levels online discourse. In this
context, content broadcast through the hashtag is of little
importance; it is the hashtag phrase that contextualizes the
utterance and gives it meaning. As an indexing tool,
hashtags are also not uniform in their functions; if most of
them could be seen as topics formed around specific events
or objects, others are statements “created for expressive
purposes” (Rathnayake and Suthers, 2018 3), adding

90

additional semantic layers to a post. In sum, hashtags must
be read in their context in order to properly grasp the type
of content that it links together.

Twitter data, in conjunction with the hashtag system,
has been used to study a variety of subjects from public
health surveillance (Heaivilin et al., 2011) to the public
opinion on the Syrian refugee crisis (Oztiirk and Ayvaz,
2018). In the field of game studies, this type of material has
been used to examine recent debates in gaming culture
(Blodgett and Salter; Todd et al.) while industry researchers
are exploring ways to integrate them “into the traditional
game analytics pipeline” (Milambiling et al., 2019 142) to
extend the effectiveness of metric analysis. However, this
type of textual data has yet to be mobilized alongside text
mining methods to study the reception of a specific
videogame by fan communities from a humanities
perspective. In addition, in the context of an increasing
production of tweets on videogames in recent years, there
is little theoretical work investigating the relationship
between digital play and microblogging platform practices,
and their potential inter influence.

The Pokémon Series and Player
Communication

The Pokémon SaS Twitter community provided an
ideal case study to assess natural language processing
techniques through the analysis of emergent fan online
discourse on a large international scale. Since Game
Freak’s release of Pokémon Red and Blue in 1996, the
series has been considered one of the most popular and
influential global media franchises of all time (Bulbapedia,
2020). Every new iteration of the series is met with fond
anticipation and excitement by its wide international
fanbase as every aspect of the game becomes the object of
intense discussion, rumors and speculation online.
Released worldwide for the Nintendo Switch on November
15, 2019, Pokémon Sword and Shield further heightened
expectations as it stands as the first mainline title to be
released on a powerful home console rather than on an
exclusively handheld device with Game Freak promising
“higher-quality animation for the new game” (Cooper,
2019) and hinting at an unprecedented degree navigational
freedom through a vast open world. Combined with the
Switch’s more robust Internet connectivity, native screen
capture functionality, social media integration and

newcomer-attractive hybrid handheld/living room play
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styles, the release represented an important technological
and cultural paradigm shift for the series.

The cultural and media object represented by this
franchise has been the subject of much scholarly attention
throughout the years. A number of these works focused on
its nostalgia effect to the older audience (Keogh, 2017,
Zsila et al., 2018), in its relation to the environment
(Bainbridge, 2014; Dorward et al., 2017), in its localization
challenge (Iwabuchi, 2004; Katsuno and Maret, 2004) as
well as the practice of ROM hacking (Barnabé, 2018). In
Japan, anthropologist Nakazawa Shin’ichi discussed the
videogame’s unique regime of knowledge and
communicative aspects as devices that empower children
in creatively deciphering and interacting with their
environment (1997).

In recent years, most research focused on the
augmented reality game Pokémon Go, and specifically
around the study of the development of communities
around the game. Assungdo, Brown and Workman
underline how the developer Game Freak contributes to the
creation of a sense of community among players (2017). By
establishing special events where trainers can meet and
interact, Game Freak takes part in the maintenance of their
player base while at the same time creating marketing
events. These various events, originating from the
developers, are paired with several third-party platforms
created by fans. These initiatives such as Smogon
University allows players to create and share content with
others. This study highlights the implication of Game Freak
and The Pokémon Company in the success and retention of

players to the Pokémon series community through the years.

Kim, Merrill and Song relate how the feeling of presence
fostered by Pokémon Go gameplay contributes to a sense
of community among players (2020). Therefore, the act of
exploring their city to catch Pokémon creates a sense of
attachment from the player to their environment.

Thus, the Pokémon franchise, through its emphasis on
interpersonal interactions built into its core gameplay
mechanics and its active fanbase online, constitute an ideal
case study to test the potential of text mining methodologies
on a large and diversified corpus. Although the studies
previously mentioned explored the notion of community,
they are specifically centered on the game Pokémon Go as
an augmented reality game. Work that closely examines the

dynamics of player communities online around the release

! Hashtags used in the query are the following: #PokemonSwordShield
#PokemonSword #PokemonShield #7837~ M E L A X — Y — N #K

of a conventional Pokémon game on console has yet to be
done. Considering the popularity and the importance of this
franchise, the proposed methodology may provide
complementary analytical tools to investigate how players
engage each other through the framework of the game over
time. Examining the specific case study of Pokémon SaS
Twitter community textual production around the period of
its release provides an opportunity to question and examine
these issues from a multilingual comparative perspective

beyond the sole emphasis on English material.

Study Methodology and Initial Observations

The Twitter data gathering process using the official
Twitter API started in early September. With no access to
the premium API, the team used the free client, thus
enforcing a strict regimen of scraping tweets weekly. In the
rare instances where data could not be acquired due to the
time constraints, we employed alternative python packages
to complete the corpus. Tweets were gathered based on
their association to a list of hashtags that covers the English,
French and Japanese version of the game’s title, and thus
does account for all tweets on the topic for the entire
duration!. Tweets in other languages nevertheless entered
the database through their multiple hashtag association, but
they were omitted from the text analysis section. The final
corpus contains about 3.5 million tweets with key metadata
points such as retweets, favorite and follower counts,
usernames, detected languages, mentions, and timestamp.
Due to the nature of the API, user information and
conversation ID could not be saved, and, as a result, limited
the reach of the investigation.

Upon conclusion of the scraping process, we
standardized the corpus using python scripts and Open
Refine (2012) before separating it into three sub corpora to
facilitate subsequent steps and independently study each
linguistic region. The main corpus, which includes most
metadata, was integrated into a Tableau file through which
general data trends could be observed and to which relevant
events surrounding the game’s release were added to
contextualize the following analysis.

Complementing the data collection, the team kept track
of all announcements, leaks and rumors related to the
game’s release in a detailed calendar in order to properly

contextualize the fluctuation of textual production in the

Ty REVAZ ==V R #RTECRE #Y— RV =L R
#PokemonBouclier #PokemonEpee #PokemonEpeeBouclier.
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later step of the project. Covering the period between July
2019 and January 31, 2020, two major types of events were
logged: activities related to Nintendo’s marketing
campaign both for the game and its proprietary console
platform, as well as influential topics and controversies
emerging from the broader Pokémon series community
during the period studied. Both categories included
noteworthy events and debates from the Japanese, English,
and French sides, of which the former demonstrated
considerable differences from its ‘global’ counterpart.
Using this document, created through an iterative process,
we were able to distinguish trends in the corpus but also
identify specific marketing strategies, and the general
reaction to specific features such as the Curry Dex or the
auto-saving function widely emphasized by Nintendo. This
calendar allowed us to compare the corpus gathered
through Twitter scraping to broader events from a
qualitative perspective.

To generate initial insights, we used KH Coder (2015)
to perform a range of different basic explorations, including
word counts, crosstabs, and word association networks.
This toolkit is one of the few text mining applications of the
ones tested that natively supports Japanese in addition to
Latin script languages and was thus preferred over other
alternatives. This process led the team to identify the
concept of ‘shiny Pokémon’ as one of the most mentioned
game mechanics of the corpus, comprising 7.86%, 7.64%
and 6.63% percent of the words in the English, French, and
Japanese corpora!. A word association network analysis
also revealed major recurring semantic fields related to
these terms, but which change in importance based on the
corpora studied (Figure 2, 3 and 4). The most significant
observation of this phenomenon is the presence and
discrepancy of what can be best described as a ‘live-
streaming’ semantic field composed of words like ‘Twitch’,
‘Shiny Hunting’, and others, which occupies a central place
in the French and English corpora. Comparatively, the
major semantic fields generated in the Japanese corpus are
associated with language related to game functionalities
such as ‘raids’, various attributes, and trades. The cross-tab
analysis revealed that all corpora showed a similar pattern
of increase in frequency distribution over time from month
to month, suggesting an ever-growing interest in this
feature after release (Figure 5, 6 and 7). These findings

justified turning our focus for the rest of our investigation

! These figures include concatenation of different words expressing the
same concept. For example, the francophone users refer to the “shiny
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towards this concept to further detail discourse differences

from a comparative perspective.
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Pokémon” concept both as “shiny” and “chromatique.” Japanese has a
higher number of variations.
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The high frequency distribution of the shiny concept is
meaningful when put in relation to the Pokémon series
player community, its regime of values, and the affordance
of Twitter as a communication platform. To briefly
summarize the concept in terms of gameplay feature, shiny
Pokémon, present in most games of the series, are similar
in all aspects to regular Pokémon with the exception that
they sport an alternative color pattern (Figure 8).
Encountering a shiny Pokémon remains a rare occurrence
with an initial appearance rate of 0,00024% (or 1/4096),
odds that can, however, be improved by the acquisition of
specific items, the use of specific breeding methods, or
repetitively fighting specific Pokémon. ‘Shinies’, as they
are also called, provide cosmetic late-game engagement
elements that encourage player communication by sharing
tips on how to maximize chances of encountering one. The
acquisition of a shiny Pokémon generally involves many
hours of repetitive play, while keeping in mind that there is
no real guarantee of success. In the context of Twitter, these
community dynamics are further accentuated as its short
and impulsive affordance, as well as the hashtag system
converge to valorize certain types of posts over others: the
picture of a shiny Pokémon is likely to be rewarded with
“likes.” These tweets can be considered part of what Mia
Consalvo (2007) calls videogame paratexts. Referring to
the work of Pierre Bourdieu, Consalvo suggests that these
paratexts allow players to grow their “game capital”.
According to her, the process of growing gaming capital is
more than just playing videogames properly. It is also about
developing a broad knowledge of the videogame industry,
being aware of the latest gaming trends, knowing where to
find reliable information about the tips and secrets of a
particular game and being able to pass that knowledge on
to others. Consalvo also supports the idea that paratexts
have practically more influence on play than the game as
such, in particular because they have a very specific
educational function for players, that is to say that they
teach them “how to play” and especially “how to be” as
players that are part of a community.

In our case, the shiny concept, repurposed as a source
of gaming capital or advertisement to bolster one’s live-
streaming viewership, stands as the game mechanic most
affected by these affordances as the platform provides the
means to share one’s achievement with a broader user base

and to produce and accumulate “public attention.”
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Figure 8:

Regular and shiny Wooloo
(nintendolife.comnews/2020/06/guide_pokemon sword a
nd_shield -

_best_ways to_catch_and breed shiny pokemon)

We subsequently used the text mining package Mallet
(McCallum, 2002) using lists of stop words (Le, 2016;
Savand, 2020) adapted to a tweet-based corpus in order to
generate 100 LDA topic models to group daily tweet
production in dominant word groups in each linguistic
corpus separately thus providing a more granular overview
of the community’s discursive trends. Many of these “bags
of words” included some iteration of the shiny Pokémon
concept along with other words. Since most of these topics
were not directly comparable from a thematic perspective,
we elected to classify them in one of three broad categories
that emerged as a common feature in all corpora: (1),
‘Affect’, comprising of words indicative of expressive
language indicating surprise, joy, and other emotions, as
well as adjectives like ‘cute’ or ‘adorable’, (2), ‘System’,
which include terms related to the playing of the game itself
from the perspective of collection, maximization of assets,
trade, battle and discussion of specific Pokémon attributes
like statistics and nature types, and (3), ‘Promotion’,
language related to marketing, influencers media, and
words otherwise related to economic interest, which
includes streaming, giveaway contests, and the resale of in-
game assets on third-party websites. All topics were
analyzed for classification in either three or none of these
categories, and hybrid topics were classified in relation to
the main trend shown therein. These concatenated entities
provided a satisfyingly representative model from which a
time-based multilingual comparison could be performed.

Analysis (1) - General Corpus: Language
Distribution and Production Peaks
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Our first observation relates to the high volume of the
Japanese corpus compared to the English and French ones
(Figure 9 and 10). Of all tweets collected, 64% are tagged
as written in Japanese, 18% in English, and about 1% in
French, lower than the combined ‘other’ category set at
under 3%. A fifth category, ‘undetermined’, representing
14% of collected tweets, identifies posts which do not
include any text, and were thus ignored for the textual
analysis process. Our initial postulate establishing the
English corpus as the largest was eliminated early in the
research process, which points to the need to develop cross-
cultural perspective when studying online communities.
Besides, it quickly became evident that linguistic regions
did not evolve entirely independently from each other. The
copresence of hashtags and text of multiple languages in
many of the tweets gathered and topic models generated
indicate freer translinguistic flow between different game
communities than we had anticipated. Evidence of this
phenomenon is most prominent in specific topic models
such as the one assembling vocabulary related to fan art and
illustrations. The broader Pokémon Sas Twitter community
thus demonstrate evidence of a significant transcultural

undercurrent centered on the Japanese language, which
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might consequently give rise to regimes of values defined
by various influences and reinforces a broad transcultural
outlook on such analysis.

Despite this situation, each linguistic corpus also
demonstrates distinct discursive trends that speak of their
community’s inclinations in textual productions in relation
to the degree of exposure to diverse economic stakeholders.
For example, the Japanese corpus shows more influence by
commercial interest in the sharing of content than in other
languages. It also indicates regular textual production peaks
every Sunday. In every case, however, game corporation-
led events seem to drive retweet production but exert
limited effect on the publication of new tweets by fans.

Several of the activity peaks in the Pokémon SaS
hashtag are tied to direct marketing events, especially in the
few weeks leading to the game’s release. For example, the
date of October 16, 2019, sees a significant increase in the
amount of user-created content in the three languages
observed. This date is associated with the release of a new
trailer presenting the new ‘Gigantamax’ function. Reading
the tweet production chart and Nintendo’s marketing
calendar, where significant actions were taken every five
days in September and October, and every two days in
November, it becomes evident that marketing discourse
drives communication activity. However, the nature of its
impact stays relative as data clearly shows that retweet
activity shows extreme gains, but unique tweet production
increases only slightly, suggesting a weaker degree of
engagement. Nevertheless, this suggests that Nintendo and
Game Freak are the principal creative force occupying the
space of the hashtag, making it visible in preparation of its
more active use after the game’s release, where economic
stakeholders’ voices are diluted in the greater mass of
publications.

The interrelation between marketing and content
creation is even more significant while looking at the
Japanese corpus because, as previously mentioned, the
territory is the object of unique marketing campaign events
(Figure 11). Some of them, including the publication of an
AR camera filter reproducing Pokémon in the environment
of its users as well as the cancelled holding of an event at
the Pokémon Mega Center in Tokyo due to unexplained
‘operational reasons’ generated productivity peaks. The
latter is significant because it generated a peak of unique
tweet production discussing the event. The closest
comparable community-led event in both the English
(Figure 12) and French (Figure 13) languages is the
denunciation campaign #Dexit where, in reaction to the

lack of sufficient Pokémon assets in the game, fans called
for the boycott of the game in protest. This event was
immediately followed by a counter movement called
#Thankyougamefreak where fans symbolically took the
side of the game company amidst the barrage of criticism,
invoking the positive impact that the franchise has had on
their lives. Both events are marked by an increase of unique
tweet production over retweet activity.

Shiny-related Topic Models over Days - Japanese Corpus

0,8

Topicfrequency

° °

S [,
———____Release date

o
N

0,0 A .AAA

1
1sept. 19 loct.19 1nov.19 1déc.19 1janv. 20
Date

Categories
M Affect

M System

M Promotion

Average Corpus Distribution

Figure 11: Shiny-related Topic Models over Days -
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Another point of comparison is the overall cross-
linguistic text production over the five-month period. For
all languages studied, the latter part of the corpus accounts
for the majority of tweets produced, demonstrating a peak
in production upon the game’s release date followed by
continuous decrease leading to the end of January 2020.
The only notable event that slightly drives back tweet
production is the January 9th announcement of the fall 2020

release of an expansion pass. However, this event does not

influence the general downward tweet production tendency.

Proportionally to the Japanese and English corpora, tweets
produced in French would see a lower increase upon the
game’s release. The same corpus also shows a
comparatively subdued downward production tendency,
which is indicative of the more sustained engagement of a

smaller pool of users.

Analysis (2) - “Shiny” Gameplay Mechanic
and Topic Models

From the release of the game onward, mentions of the
shiny Pokémon game mechanic increase in all corpora,
following the general trend of textual production. However,
as the latter quickly fades down, the former adopts the
opposite direction, suggesting a higher degree of
concentration of discourses around the concept over time
probably tied to the late-game acquisition of shiny
Pokémon and their desirability, but also by the anticipated
positive reception from other users. In addition, and
perhaps due to the unbalanced tweet distribution across the
corpus, posts published before the release of the game
demonstrates a higher degree of variation which then
stabilizes after November 15th. Many of the topics
generated, including those that did not fit any of the
categories, show unstable distribution, indicative of the
highly disorganized and diverse ways in which the shiny
gameplay concept was part of.

The previously mentioned -classification of topic
models also demonstrates the discursive makeup of each
linguistic corpus in relation to the shiny Pokémon game
mechanic. The Japanese corpus, the most voluminous one,
shows ‘affect’ as the initial dominating topic, although one
that gradually diminishes over time after an initial 80%
topic share characterizing tweets produced just after the
game’s release. Another tendency is the relative
equivalence, and slow increase of ‘system’ and ‘promotion’
topics throughout the post release period up to January 31st
where all three categories meet at comparable frequency
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levels. The surge of the ‘promotion’ category can be
explained by the increasing number of tweets advertising
the private sale of shiny Pokémon on online marketplaces
such as RMT.club.

The English corpus indicates a similar point of
departure with a more balanced pre-release tweet section
regarding topic distribution, and a rise of the ‘affect’
category just after November 15th. However, the
‘promotion’ category would also quickly monopolize a
higher share of the corpus later. Indeed, on January 1st a
sudden paradigm shift occurs which sees all three topics at
equal value followed by the clear rise of the ‘promotion’
category as the most discussed topic category. This event
occurs concurrently with Nintendo’s launch of a special in-
game event where the Magikarp Pokémon type was given
an increased spawn rate in the game’s Wild Area, including
shiny variants of the same Pokémon. Interestingly, this
promotional event, the first of many of its kind that would
be instilled in the game thanks to the console’s constant
Internet connectivity feature, tipped the balance towards
advertisements and promotion as the most represented
topic category.

While both
demonstrate very distinct shiny-related topic distribution

Japanese and English corpora
between the pre-and post-release of the game, the French
corpus represents an outlier case from this perspective.
Indeed, while being equality diversified in topic frequency,
the prerelease section indicates a high affinity for the ‘affect
category’, which then drops significantly in the latter half
of the examined timeline. The release of the game also does
not seem to indicate a significant change in topic
distribution, it is only two weeks later than we see the
‘system’ category take and keep the lion’s share of the
textual data, while maintaining at a relatively low 20%
frequency. ‘Promotion’, however, mainly represented by
the advertisement of live streams and influencer accounts,
only becomes important in the last two weeks of the corpus.
The importance of the ‘system’ topic category points at
gameplay-related utilitarian discussions as being the norm
in the French language corpus, upstaging affective
language, mostly associated with the hype phenomenon
leading to the game’s release. In the context of a smaller
textual pool, and a smaller sub community of interest, the
association of the discussion on shiny Pokémon with more
practical aspects of the game is indicative of a dedicated
group mostly interested in securing rare game assets and
achieving high levels of proficiency over the game’s

systems.
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Conclusions and Further Developments

This project concerned the assessment of text mining
tools and methodologies for the large-scale study of the
reception of videogames using social media data. Doing so,
we evaluated that content creation made by the Pokemon
Sas community on Twitter was partly influenced by the
promotional strategy of Nintendo and more specifically
during the period preceding the release of the videogame,
albeit mainly through retweets as opposed to the production
of original publications. In addition, just before and
following the release date, marketing-influenced
discussions gradually gave way to emergent community
conversations demonstrating an appropriation of the game
through standards and practices. While Nintendo’s impact
is palpable in the database, it remains weak, short-timed,
and does not alter the direction of long-term major
discursive trends.
and data

visualization techniques, we proposed a vertical research

Combining different text analysis
protocol for the analysis of social media textual data. Its
application on the case study of the Pokémon Sas Twitter
community allowed the identification of emergent fan
discourse in regards their appropriation of the game’s
features. We focused on the analysis of the reception of the
gameplay mechanics of shiny Pokémon and, using
unsupervised topic modelling, we identified three main
topic categories and their frequency rate over time. We
posit that these topic categories represent broad tendencies
in which the shiny Pokémon gameplay feature is discussed
and appropriated. These findings are also framed in the
context of the technological affordances and algorithms of
Twitter as a platform that grand more visibility to popular
posts, which further influence the formation of the
Pokémon Twitter fan community as an imagined
community. As such, we posit that for emergence of the
shiny Pokémon game mechanic as a major discursive trend
amongst Twitter user is the result of the complex interplay
of the game’s design, its actualization by players, and the
affordances of the concerned communication platforms.
These results are also specific to Twitter, and we anticipate
that conducting similar research protocols on textual data
gathered on other social media networks would yield
different and complementary results.

We also examined differences in reception based on
what we defined as linguistic regions on the platform.
While results obtained indicate significant differences
between them, we wish not to draw a conclusion that would

reinforce essentialist discourses based on innate cultural
characteristics and interests. Rather, they reflect the
complex convergence of platform affordances and media
environments that are specific to these regions. We also
noted cross-linguistic participation of fans on social media
textual production, which implications are difficult to
quantify at this moment and calls for the development of
more efficient language parsing methodology that better
While local

environments exert a significant influence in the direction

represents this phenomenon. media
of engagement, in digital contexts, discourse tend to blend
and hybridize as linguistic communities clash and mix.
Users engaged in more than one of such communities act
as cultural brokers that enable the circulation of ideas from
linguistic territory to another. With machine translation
functionality integrated to most online platforms,
translinguistic communication may become even more
seamless between user groups, further linking discourses,
communicative behavior, and play practices in the context
of game culture. While this project aimed at identifying and
comparing dominant tendencies among linguistic regions,
future work should target the communicative behavior and
the ramifications of the online engagement of these key
users to explore this phenomenon further.

This investigation constitutes the project’s first case
study and should inform future iterations of the research
protocol. The official Twitter API proved very constraining
in terms of the rhythm of data acquisition, and alternatives
will be explored to gain more scraping flexibility and data
points. Secondly, subsequent work will focus on social
metadata to identify community leaders and their impact
more precisely. Finally, further research could focus on the
analysis of vocabulary diversity and the adaptation of
sentiment analysis tools to evaluate gaming-themed
corpora to obtain complementary data that could provide

different perspectives.
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